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The Task

Main Result

« DAME-FLAME estimated average treatment effect of .018,
with 95% CI overlapping zero. Pretrial program had no
significant effect on new criminal charges.

A X Propensity: P(treated)  This result replicates Bechtel et al. (2017).

Prognostic: P(outcome | control)  * Pretrial programs may need to consider alternative strategies

to reduce new criminal activity. (Do more studies though.)

« DAME-FLAME is quite useful in evaluating pre-trial programs

Evaluate whether the Criminal Justice Resource Center’s
program in Durham NC reduces future crime.

Treatment (687 people): participation in the program
between 2016 — 2019.
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